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https://aws.amazon.com/data-exchange/
https://registry.opendata.aws
https://data.worldbank.org
https://www.eea.europa.eu/data-and-maps
https://registry.opendata.aws
https://registry.opendata.aws
http://www.google.com/publicdata/directory
https://www.kaggle.com/competitions
https://archive.ics.uci.edu/ml/datasets.php
https://blog.bigml.com/list-of-public-data-sources-fit-for-machine-learning/
https://pub.towardsai.net/best-datasets-for-machine-learning-data-science-computer-vision-nlp-ai-c9541058cf4f
https://www.explorium.ai/platform-overview/
https://datarade.ai/data-categories/ai-ml-training-data
https://www.calligo.io/
https://aws.amazon.com/data-exchange/
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https://www.deeplearning.ai/wp-content/uploads/2021/06/MLOps-From-Model-centric-to-Data-centric-AI.pdf
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https://aws.amazon.com/sagemaker/studio/
https://aws.amazon.com/sagemaker/data-wrangler/
https://aws.amazon.com/sagemaker/data-wrangler/
https://aws.amazon.com/blogs/aws/amazon-sagemaker-processing-fully-managed-data-processing-and-model-evaluation/
https://aws.amazon.com/sagemaker/clarify/
https://aws.amazon.com/sagemaker/clarify/
https://docs.aws.amazon.com/sagemaker/latest/dg/model-monitor-data-quality.html
https://docs.aws.amazon.com/sagemaker/latest/dg/model-monitor-model-quality.html
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https://www.yelp.com/dataset/challenge
https://www.yelp.com/dataset/challenge
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https://aws.amazon.com/kinesis/data-firehose/
https://aws.amazon.com/kinesis/data-analytics/
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https://aws.amazon.com/cloud-data-migration/
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https://aws.amazon.com/athena/
https://aws.amazon.com/quicksight/
https://aws.amazon.com/sagemaker/studio/
https://pandas.pydata.org
https://matplotlib.org
https://seaborn.pydata.org
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https://aws.amazon.com/s3/
https://aws.amazon.com/s3/storage-classes/
https://docs.aws.amazon.com/AmazonS3/latest/userguide/analytics-storage-class.html
https://docs.aws.amazon.com/AmazonS3/latest/userguide/object-lifecycle-mgmt.html
https://aws.amazon.com/athena/?whats-new-cards.sort-by=item.additionalFields.postDateTime&whats-new-cards.sort-order=desc
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https://aws.amazon.com/emr/
https://aws.amazon.com/opensearch-service/
https://aws.amazon.com/redshift/
https://aws.amazon.com/glue/?whats-new-cards.sort-by=item.additionalFields.postDateTime&whats-new-cards.sort-order=desc
https://aws.amazon.com/lake-formation/?whats-new-cards.sort-by=item.additionalFields.postDateTime&whats-new-cards.sort-order=desc
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https://aws.amazon.com/sagemaker/feature-store/
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https://aws.amazon.com/glue/
https://aws.amazon.com/batch/
https://aws.amazon.com/emr/

Amazon SageMaker

T—RAAFX =TI T—AEBEBEE L NRET B TODDENTRIID ATV
TTY, 22l AF—VITENL. I—RIFH<AD 72T UIFERIC
BEZCICHEBELTLLET WV, 7—H2F0D Al IFT—2%BEL T, #iH
FROIVIVZTIIBIOT—EFAIVRF—LEEOA TV~
J—LDFBEICBRED T — 2B T I CICERZTHTET, L
TINIIRENBRT7 IO—F T, 7—2DREICELD. FDHTT—H
WMIBINA T oA VHDMBIET BEEMEDLHD £, COLSHBEEEERIIC
ERLAVWE, BEEBIPITVLAR— M RBAHLH D
L. ZOMDOFHRLABEWVWT —2BENEET 205N H D £9,

SageMaker Ground Truth: IEREIC O NILIF S NIcT —&2Id. #HEIHD €T
IWDEINZE > TARAIRT Y, REREBRINILAHZ . BMFEETIL
IEFEWMINSFE L. FTRDNRIEREICHRD £, SageMaker Ground Truth
. T—HOMEBENTERERINIILLITZZELET, BN T—
BN VTEANBICEZT—E2IR) VI xEHEDE TERLEY,
AREALT—0T7O—%ZBRLT. 72U I03T01—H—o
VR—=T A2 U) EEETBCHTETET, Amazon SageMaker (&,
FRRBEZERT SO, A X—I TFAM A—FTaAdT7—2IRJ Y
JVaTRADARZLT > L —bZEFELTVWET — JOJIE 25 5,

R

SageMaker Studio Notebooks
EEEAIYEa—T1 VI EHBZRA T
Jupyter / — kT v

g i

Bl —

SageMaker Ground Truth
MWEBRICNL -0 7 —82%Z IN)LAT

SageMaker Data Wrangler
BRFERICT — 2 ZE0E S UVER HIHAFDOTIINIAI) ALLIFERAAZTILIVZ L
ZHORBELINALTIILIA) XLEFEALTILD
SageMaker Processing U U
#HAIAFHD Python. BYO R/Spark

O—ALE-—F
SageMaker Feature Store O—AIRS Y TOTR e TONZAT
NHELRE. B BUS. &5
SageMaker Autopilot
TEAAEEE S > THRFBEET )Lz BEINIC

ERL

SageMaker Clarify
REZ&EE L. ETIILFRIZIRE

SageMaker Jumpstate
—MEW D — R —RAOERIBRINLY ) a—

=P

aWS startups
N

Al/HMFEET

SageMaker Data Wrangler |&. #FE. 7 -2 FHET>>2>=7
D>J. FEE0BEEEN. RABRHICHEL TERFINTULE

9o Data Wrangler I E T >0 =7 ) VU REAERD 2. 300 %8
R BDHEPIAADT —ZEHBERHBLTVET,

SageMaker Processing Jobs (& scikit-learn X> Apache Spark %2 X fEUWVEN
feA =72V =Y —)LEMEHELT. FE®D Python XU 7T~ F£fldh
AL Docker T A= TR R—Y RTREFIEED AWS 71> 75
AT UF ¥ TEITTETET, COHT—ERF. VTXEZ—HDZLD
SageMaker 1 > XAV AT, HRABLRD ) T ~FE7ld Docker 1 X—2 %
5t TE %9, SageMaker Processing Tld. X2 U FhZBHL. 7>
ARVARATEDTRAA—T A X EIBES 51T T,

SageMaker Clarify: SageMaker Clarify |&. SageMaker Data Wrangler T®
RABHICMZ TCETIL L —Z VP ICRERTY] FHE) OFROZIE.
fL—Z2JBOETILORBAOKRE. ETIILFRAOHA. ETILFAIA

HAODHEAR D) 7 hOBHEETVE T,

2D R A N V=72, )
PEA VTSR VFvDER

SageMaker Experiments
BRTyTEXv IFv. BB HR

EFILOEEF2—=F
N IX—INT A =2 DEEL

SERL—Z=2T9514T3V
ARET—2ty hEETILBEDORL—ZVT

SageMaker Debugger
TO77 1IN OETETNYIELVTOT 71IULE

Ix—=S KRRy FrL—ZY
kL —=>4 X k% 90% HIR

T7OCER

ooV yonTIaA

TIRR—T R BELATYI— BRIIL—TFv bk

Kubernetes & & U Kubeflow D&
Kubernetes \— 2 DIMIFE % &1L

ILNFE—RFIVERIVF

AVRBYABTDEBDET I AR S LTIX SzHIRE

SageMaker Model Monitor
F 7O SNt ETILOIEREN = #F

SageMaker Edge Manager
ITySTFNARDETINEEBSSIUVE=RZU VY

SageMaker Pipelines

D—J7AO—DA—T AL =3 A —bAXA=23Y

19



https://aws.amazon.com/sagemaker/
https://docs.aws.amazon.com/machine-learning/latest/dg/creating-a-data-schema-for-amazon-ml.html
https://www.deeplearning.ai/wp-content/uploads/2021/06/MLOps-From-Model-centric-to-Data-centric-AI.pdf
https://aws.amazon.com/sagemaker/groundtruth/
https://aws.amazon.com/jp/blogs/news/build-a-custom-data-labeling-workflow-with-amazon-sagemaker-ground-truth/
https://aws.amazon.com/sagemaker/data-wrangler/
https://sagemaker.readthedocs.io/en/stable/amazon_sagemaker_processing.html
https://aws.amazon.com/sagemaker/clarify/
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https://aws.amazon.com/augmented-ai/
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https://aws.amazon.com/blogs/machine-learning/setting-up-human-review-of-your-nlp-based-entity-recognition-models-with-amazon-sagemaker-ground-truth-amazon-comprehend-and-amazon-a2i/
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https://aws.amazon.com/sagemaker/studio/
https://aws.amazon.com/fsx/lustre/
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https://aws.amazon.com/machine-learning/
https://aws.amazon.com/free/machine-learning/
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https://www.sama.com/blog/define-and-measure-training-data-quality
https://towardsdatascience.com/assessing-the-quality-of-data-e5e996a1681b
https://www.precisely.com/blog/data-quality/how-to-measure-data-quality-7-metrics
https://thinkmind.org/download.php?articleid=soft_v10_n12_2017_1
https://assets.amazon.science/4a/75/57047bd343fabc46ec14b34cdb3b/towards-automated-data-quality-management-for-machine-learning.pdf
https://bmcmedinformdecismak.biomedcentral.com/articles/10.1186/1472-6947-12-8
https://stats.stackexchange.com/questions/51490/how-large-a-training-set-is-needed
https://www.sciencedirect.com/science/article/abs/pii/S0003267012016479?via%3Dihub
https://datascience.stackexchange.com/questions/14875/data-set-size-versus-data-dimension-is-there-a-rule-of-thumb
https://malay-haldar.medium.com/how-much-training-data-do-you-need-da8ec091e956
https://www.researchgate.net/post/What-should-be-the-minimum-number-of-observations-for-a-time-series-model
https://www.jstor.org/stable/2285379
https://www.researchgate.net/post/What_is_the_minimum_sample_size_required_to_train_a_Deep_Learning_model-CNN
https://towardsdatascience.com/how-do-you-know-you-have-enough-training-data-ad9b1fd679ee
https://petewarden.com/2017/12/14/how-many-images-do-you-need-to-train-a-neural-network/
https://www.kdnuggets.com/2015/01/text-analysis-101-document-classification.html
https://rpubs.com/joshyazman/sample-size-needed-for-text-analysis
https://aws.amazon.com/solutions/case-studies/depop-case-study/?did=cr_card&trk=cr_card
https://aws.amazon.com/solutions/case-studies/axialhealthcare/?did=cr_card&trk=cr_card
https://towardsdatascience.com/exploratory-data-analysis-8fc1cb20fd15
https://aws.amazon.com/big-data/datalakes-and-analytics/data-lake-house
https://d1.awsstatic.com/whitepapers/derive-insights-from-aws-lake-house.pdf
https://aws.amazon.com/products/storage/data-lake-storage
https://d1.awsstatic.com/whitepapers/build-secure-enterprise-ml-platform.pdf
https://docs.aws.amazon.com/sagemaker/latest/dg/feature-store.html
https://aws.amazon.com/solutions/case-studies/happyfresh/?did=cr_card&trk=cr_card
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